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ACCOUNTING AND FINANCIAL REPORTING IN 
THE IT SPHERE OF UKRAINE: OPPORTUNITIES 
OF ARTIFICIAL INTELLIGENCE 

ABSTRACT 

This study intricately examines the integration of artificial intelligence (AI) within 
Ukraine's rapidly evolving IT sector, with a keen awareness of the transformative ca-
pacities inherent in advancing AI technologies. While focusing primarily on the domains 
of accounting and financial reporting, this research rigorously explores AI's impact on 
precision, especially within the intricate web of geopolitical complexities. 

Employing Bayesian modelling techniques, we methodically evaluate AI's efficacy in el-
evating the precision of financial reporting, even when navigating through crises. Our 
empirical findings determinedly prove the overwhelmingly positive influence of AI, 
showcasing its capacity to enhance accuracy and effectively mitigate the disruptive con-
sequences of crises. 

Furthermore, our study investigates the profound implications of AI on decision-making 
processes. Through a meticulously designed 2x2x2 factorial experiment, we unravel 
intricate relationships between various AI attributes and decision-making variables, spe-
cifically tailored to the unique Ukrainian context. The three-way repeated measures 
ANOVA reveals that AI performance, purpose, and process intricately shape participants' 
psychological metrics such as reliance, confidence, attitude, and trust in AI recommen-
dations. Inconclusively affirming AI's pivotal role in enhancing decision-making confi-
dence and amplifying reporting accuracy, we underscore its potential to serve as a crit-
ical tool for crisis mitigation. By rapidly processing data, offering predictive insights, and 
facilitating error detection, AI emerges as an indispensable asset for maintaining data 
accuracy amid periods of heightened uncertainty and crisis. As Ukraine's IT sector con-
tinues its upward trajectory, AI stands as an essential ally, championing financial stabil-
ity and sectoral resurgence. These findings resonate profoundly with a diverse spectrum 
of stakeholders, emphasizing the tangible advantages AI brings to the complex realm 
of accounting and financial reporting within Ukraine's vibrant IT sector. 

Keywords: artificial intelligence, financial reporting, accounting, Ukraine,  
decision-making, bayesian analysis, accuracy enhancement, crisis mitigation 
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INTRODUCTION 

Ukraine is only one of several nations whose national accounting rules have been 
adapted to conform to IFRS. Adoption of these standards requires the participation of 
third-party organisations such as auditing companies, specialist businesses, and gov-
ernment agencies. Increases in cross-border commerce, the power of multinational 
firms, and the importance of international financial markets all contributed to the devel-
opment of these institutions. Although they lack the authority to enforce rules, these 
groups provide valuable advice in the development of accounting standards. Ukraine, a 
country striving for euro integration and access to global markets, must first complete 
the work of harmonising its accounting methods. Ukraine's Ministry of Finance supports 
national accounting standards alongside efforts to embrace International Financial Re-
porting Standards (IFRS). This change is more than just an accounting system overhaul; 
It is an attempt to bring the country in line with international standards as the country 
deepens its ties to the European Union. Nonetheless, the decision-making process for a 
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complete transition to IFRS remains equivocal, indicating significant unsolved difficulties despite extensive research and 
debate. Financial reports can be compared more easily across borders, investors can see more information when making 
decisions, managerial decisions can be supported by more data, the process of bringing in capital can be streamlined, and 
access to international markets can be strengthened, all because of the adoption of IFRS. However, there will be difficulties 
along the way, such as balancing adaptability and uniformity or finding common ground between local customs and global 
norms. As nations learn to negotiate the complex labyrinth of international accounting standards, harmonisation emerges 
as a crucial method for reducing economic inequality throughout the world. To promote openness, improve information 
interchange, and level the playing field for international economic undertakings, the shift to harmonised accounting stand-
ards like IFRS is underway. While there are still obstacles to overcome, the push for harmonisation is an important one for 
enhancing the global community's ability to work in tandem. 

The geopolitical situation in Ukraine has serious consequences for the country's capacity to recover economically. In light 
of these difficulties, reliable financial reporting is more important than ever. The accuracy of financial data is becoming 
more important as economic ecosystems rebalance in the wake of the crisis, playing a role in everything from well-informed 
decision-making and investor confidence to long-term strategic planning. The issue arises at this pivotal juncture: can AI 
act as a catalyst to improve financial reporting accuracy under pressure? The primary goal of this study is to analyse how 
the incorporation of AI may improve the reliability of financial reporting given the current situation in Ukraine. We do this 
by using a robust Bayesian analytical framework that can account for the many factors involved. This research hopes to 
shed light on whether or not AI can be a resilient tool for managing uncertainty and upheaval by comparing the efficacy 
of AI integration to external environmental elements and the effects of a crisis. Finance and accounting are only two fields 
that have been profoundly altered by the way technology has progressed. The integration of AI into the world of finance 
has opened up new avenues for exploration, with the potential for more precision, efficiency, and flexibility in reporting. 
The importance of artificial intelligence in financial reporting is amplified in the context of the current geopolitical situation 
caused by the war between Ukraine and russia. In light of the present situation in Ukraine, this paper begins an in-depth 
investigation of the possible influence of AI integration on accounting and financial reporting. Artificial intelligence (AI) has 
been rapidly progressing, which has pushed its incorporation into many fields, including finance and accounting. In Ukraine, 
where recent geopolitical upheavals have threatened financial stability, it is essential to grasp how AI affects the precision 
of financial reporting. This research looks at how various explanations of artificial intelligence (AI), highlighting its function, 
performance, and process, affect people's beliefs and choices. We want to shed light on how AI might deliver answers 
amid complexity by investigating these variables. 

Academic research provides a vivid depiction of AI's meteoric rise in the field of accounting and financial reporting. Gillis 
(2019) constructs a narrative that praises AI for its ability to automate routine accounting activities, increase accuracy, 
and spur quick decision-making. This academic foundation is brought to life with real-world instances of the evolution in 
question. Xero is cutting-edge cloud accounting software that uses artificial intelligence to simplify complex financial op-
erations and usher in a new age of simplified procedures (Xero, 2020). Gartner's (2019) disclosure of AI-driven chatbots, 
exemplified by Bank of America's Erica, a digital avatar orchestrating individualised financial advice and altering client 
experiences, adds another layer of complexity to the symphony of AI and finance. Stories about the real-world effects of 
AI on financial reporting are already part of Ukraine's IT infrastructure. Embodiments of AI, like Grammarly, a linguistic 
virtuoso driven by AI, orchestrate the precise extraction of financial data, which is then used to weave the tapestry of 
reliable financial reporting (Grammarly, 2021). In a similar vein, SoftServe, a legendary IT giant, weaves algorithms into 
the world of budget forecasting, drawing on previous data to usher in a future adorned with financial certainties, and 
enhancing AI crown (SoftServe, 2022). As we continue on our journey, the goal of this essay is to shed light on the 
complex history of artificial intelligence, which has been hiding in the economic caterpillar of Ukraine's IT industry. Along 
this metamorphic path, real-world stories complement academic echoes, all in a harmonious celebration of AI abilities. Our 
narrative progresses into ever more in-depth parts, each of which shines a light on AI's capacity to improve efficiencies, 
enhance accuracy, and pave the way toward a prosperous future. 

The integration of artificial intelligence (AI) into the information technology (IT) landscape of Ukraine holds transformative 
potential, particularly within the realms of accounting and financial reporting. The evolving AI technologies offer unique 
opportunities to enhance accuracy, efficiency, and decision-making processes. This study investigates the intricate appli-
cation of AI within the context of Ukraine's IT sector, with a specific focus on accounting and financial reporting. It explores 
a spectrum of possibilities, from automating routine tasks to augmenting complex decision-making processes. The rigorous 
data screening procedures are implemented to ensure robust results, and the final dataset consists of 113 participants. 
The study's approach, which integrates Bayesian analysis and repeated measures ANOVAs, provides a nuanced under-
standing of AI's role in accounting and financial reporting within the Ukrainian IT sector. It addresses crucial aspects of 
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adoption, impact, and perception, contributing to a comprehensive insight into the dynamic relationship between AI and 
the financial domain. 

This article is divided into the following parts: We next elaborate on the Bayesian framework and its significance to our 
investigation as we explain the theoretical foundations of our analysis. Following this, we have detailed explanations of 
our models, analyses, and interpretations of the findings. The last section of our work provides a summary of the study's 
conclusions, with a special focus on how artificial intelligence may be utilised to improve the credibility of financial reporting 
in Ukraine. 

LITERATURE REVIEW 

In the fast-evolving landscape of modern information technology (IT), the convergence of artificial intelligence (AI) and 
accounting and financial reporting practices has emerged as a transformative force. The integration of AI technologies 
within these domains offers unprecedented opportunities to enhance efficiency, accuracy, and decision-making processes 
(Han et al., 2023; Bose et al., 2023). The adoption of AI technologies has been rapidly redefining traditional paradigms of 
accounting and financial reporting across industries. From automated data entry and processing to advanced anomaly 
detection and predictive analytics, AI holds the potential to revolutionise the accuracy and timeliness of financial reporting 
(Fedyk et al., 2022). This evolution is not just limited to developed economies but has also gained significant traction in 
emerging technology hubs like Ukraine (Yakovenka et al., 2022; SoftServe, 2021). Ukraine's burgeoning IT sector presents 
a compelling context for studying the integration of AI in accounting and financial reporting. The country's tech industry 
has rapidly expanded, with companies like Grammarly and Preply embracing AI to optimise their financial forecasting and 
decision-making (Nehrey et al., 2022; Polozova et al., 2021; Grammarly, 2021; Preply, 2021). As Ukraine navigates the 
complexities arising from geopolitical tensions, understanding how AI can bolster financial reporting practices becomes 
even more critical (Cao, 2023). 

Accounting has become an increasingly important means of cross-border communication and a structural element of 
national economies as a result of globalization. Even though investments now move across borders, there are still difficul-
ties in communicating financial data efficiently from one country to another (Destek et al., 2023). Therefore, companies' 
financial reports can be understood by interested parties in different nations. To facilitate well-informed economic decision-
making, businesses employ financial reporting as a systematic depiction of their financial situation and performance. As 
the world has become more interconnected, common benchmarks for financial reporting and accounting have been de-
veloped. Harmonization's regulatory efforts are motivated by common economic interests and attempts to align national 
accounting systems. Notably, IFRS (International Financial Reporting Standards) has been approved as the only accounting 
framework for enterprises in the European Union (GuerMazi, 2023). By requiring all nations to use the same accounting 
standards, IFRS adoption promotes international collaboration, especially in the economic sphere. Despite IFRS's adapta-
bility to local economies, differences in approaches to business continue to exist on a global scale. 

In the past, Ukrainian accountants primarily focused on providing the government with the data it required for statistics 
and tax purposes. This perspective has not altered much since Ukraine gained its independence (El Khoury et al., 2023). 
Before 1991, the Ukrainian Ministry of Finance worked closely with its Soviet counterpart to create a standardised chart of 
accounts and other legal papers that were required of all businesses in Ukraine. The Ministry of Statistics also approved 
standardised accounting papers that meet statistical requirements (Golubeva, 2023). Recent years have seen significant 
changes to the current accounting system as a result of the implementation of several standard acts about accounting, 
reporting, and auditing. Late in October 1998, a major turning point occurred when Cabinet of Ministers Resolution No. 
1706 approved the Accounting System Reform Program based on International Accounting Standards (IAS). The ultimate 
goal of these changes was to establish a national accounting system that followed international accounting standards. 
Aligning the current accounting system, which had been formed under different conditions, with the requirements inherent 
to a market-oriented economy was the crux of the reform effort (Golubeva, 2023). 

The Act on Accounting and Financial Reporting in Ukraine was passed by the Verkhovna Rada of Ukraine in July 1999, 
marking a major turning point (Krupa, 2023). By providing a more stable legal basis for accounting records and financial 
reporting, this law facilitated the efficient rollout of the Accounting System Reform Program. This legislation applies to 
corporations, nonprofits, banks, and governmental agencies. Prudence, complete transparency, independence, con-
sistency, going concern, accrual and matching of revenues and expenditures, content over form, historical (actual) costs, 
and single cash measurement are all tenets upon which Ukraine's accounting and financial reporting are based. While the 
introduction of the more concise International Financial Reporting Standards (IFRS) in Ukraine has helped to simplify laws, 
certain of the older rules controlling account activities and financial statement production remain in effect Data clustering 
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and eight information zones (IFP, IFF, INP, INF, EFP, ENP, EFF, and ENF) form a comprehensive framework to meet 
modern financial statement user expectations, but they face constraints due to accounting and regulatory limitations 
(Vysochan et al., 2023). 

To overcome these limitations, a comprehensive information system covering various regions must be developed. The 
backbone of this system is made up of both internal and external records that define historical and future benchmarks. 
Control accounts [The control account framework aids in evaluating planned versus actual indicators through effectiveness 
and performance analytical accounts] offer evaluative standards, and digraphic and unigraphic components come from 
the combination of double-entry and single-entry procedures. Internal digraphic accounts [Internal unigraphic accounts 
capture non-financial parameters and unrecognizable financial elements] form the cornerstone, producing financial infor-
mation within the IFP zone. Faceted analytical accounts, aided by technological tools, facilitate targeted data extraction. 
Prospective digraphic accounts cater to the IFF zone and are primarily utilised for budgeting and forecasting. In their work, 
Buriak and Petchenko (2021), utilising a blend of scientific methods encompassing analysis, synthesis, economic and 
statistical analysis, and causal relationship establishment, conduct a thorough examination of the intricate relationship 
between the accounting system and the dynamic economic landscape. The authors deftly navigate the convergence of 
tradition and transformation in the accounting realm, highlighting both challenges and opportunities stemming from con-
temporary economic shifts. Their research is anchored in the notion that the accounting landscape must adapt to rapid 
changes induced by globalization, technological advancements, sustainable development imperatives, and recurring crises. 
The authors astutely recognise the necessity to reassess conventional accounting paradigms within the context of Industry 
4.0, sustainable development, and crises. 

An essential departure lies in the historical trajectory of Ukraine's accounting development, which remained intrinsically 
tied to the command economy model for an extended span exceeding seven decades. However, a decisive inflexion point 
was reached with the formalisation of the Law of Ukraine "On Accounting and Financial Reporting" in 1999 (Pravdiuk et 
al., 2023). This pivotal legal instrument catalysed a paradigmatic shift towards a continental accounting paradigm charac-
terised by substantive governmental oversight. The intricate framework of legal regulation governing accounting practises 
in Ukraine is characterised by a tiered structure comprising five levels, each endowed with distinct regulatory subjects and 
accompanying documents. The hierarchy of financial oversight in Ukraine comprises several levels: At the highest level, 
there is the Supreme Council of Ukraine, followed by the President, Cabinet of Ministers, and Ministry of Finance. Moving 
down, the fourth level includes institutions like the National Bank, State Tax Administration, and State Committee of 
Statistics, while the fifth level involves collaboration between the company's owner (manager) and an accountant (Matskiv 
et al., 2023). 

In essence, the reform of the Chart of Accounts in Ukraine encapsulates a purposeful shift towards stakeholder-centricity, 
fostering greater transparency, alignment, and relevance in financial reporting. The implementation of International Fi-
nancial Reporting Standards (IFRS) within publicly listed companies, banks, and insurance companies in Ukraine has illu-
minated challenges related to the application of professional judgment by accountants. The absence of comprehensive 
regulation in the accounting process, coupled with the presence of optional norms within accounting standards, can po-
tentially give rise to uncertainty among accountants and lead to the inadvertent misrepresentation of financial information. 
In Ukraine, the interaction between state bodies and professional accounting organizations involves users of accounting 
information, the Ministry of Finance, professional bodies like the Union of Auditors, accountants, membership criteria, 
interest protection, and consulting services (Mert, 2022).  

The effectiveness of the interaction between state and public professional regulation in Ukraine is intricately influenced by 
historical differences between the Continental and Anglo-Saxon accounting models. While the former leans towards gov-
ernment-driven regulation and the latter emphasises professional organization-led regulation, this has led to a complex 
situation within Ukrainian professional bodies. To navigate this complexity, it remains essential for these professional 
entities to be recognised by the state and entrusted with the authority for accounting regulation. This recognition and 
delegation of responsibilities are crucial steps towards harmonising the divergent approaches. In this context, addressing 
these challenges aligns with Ukraine's broader trajectory of economic development and modernization, especially as the 
country aspires for closer integration with the European Union. Cherniaieva et al. (2023) provide a valuable perspective 
on the rapidly evolving landscape of the Internet services market. Their study emphasises the need for a strategic response 
to the dynamic changes, focusing on key stakeholders such as Internet service providers, consumers, and supporting 
entities. The study underscores the pivotal role of innovation in driving growth and enhancing societal well-being in this 
digital era. Within this multi-tiered market structure encompassing server support, signal transmission, and end-user ser-
vice provision, the authors identify the significance of each tier, particularly concerning seamless signal delivery, data 
transmission speed, and data security for users. While the study acknowledges the challenges posed by technological 
advancements such as cloud computing, artificial intelligence, and the Internet of Things, it also emphasises the necessity 
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of regulatory adaptation and reform to ensure continued relevance and alignment with evolving consumer behaviour. The 
European Union's strategies, notably the Digital Single Market, provide a benchmark for best practices in aligning domestic 
regulatory efforts with global standards. This is especially relevant as Ukraine positions itself as a candidate for European 
Union membership. As the country charts a path toward integrating into the EU's Internet environment, the study's insights 
are particularly pertinent in shaping a tailored reform strategy that capitalises on market shifts while proactively addressing 
unique challenges. 

Accounting and Financial Reporting w ith Artificial Intelligence in the IT Sphere of Ukraine. 

The convergence of artificial intelligence (AI) and modern information technology (IT) has led to substantial transfor-
mations across various sectors, including accounting and financial reporting, presenting both challenges and opportunities 
for Ukraine's IT sector. In Ukraine's IT sector, firms like SoftServe have embraced AI to automate invoice processing and 
enhance efficiency, serving as concrete examples of how AI adoption can drive improvements in operational processes 
(Petriv et al., 2019). AI adoption in accounting has revolutionised tasks like automated data entry, reconciliation, and 
transaction processing, freeing up accountants for higher-value activities. This shift aligns with Ukraine's push for greater 
economic sophistication and value-added services, with AI offering a means to achieve these goals. AI-powered tools such 
as optical character recognition (OCR) and natural language processing (NLP) streamline document processing and anal-
ysis, addressing specific areas where Ukraine's IT sector can enhance its capabilities, (Mio et al., 2021). AI's impact on 
financial reporting extends to accuracy enhancement and timely anomaly detection within vast datasets, reducing errors 
and fraudulent activities. Predictive analytics aid in forecasting future financial performance, supporting decision-making 
that's vital for a country like Ukraine as it navigates economic challenges. The intersection of AI and financial reporting 
becomes even more significant in crises, such as the conflict between Ukraine and russia. AI's ability to analyse complex 
data assists in assessing the impact of crises on financial statements and devising mitigation strategies, directly addressing 
the need for resilience and adaptability in Ukraine's economic strategies (Lombardi and Secundo, 2021). Ukrainian banks' 
employment of AI-based credit risk models during such crises showcases the practicality and relevance of AI solutions in 
safeguarding economic stability and maintaining investor confidence. 

Beyond automation and accuracy, AI influences decision-making processes, which is crucial for Ukraine's evolving IT sector. 
Transparent and interpretable AI systems are more likely to be embraced by users, leading to confident decision-making. 
This aligns with Ukraine's goal of fostering a transparent and accountable business environment, underpinning the nation's 
drive for economic reform (Waslekar, 2023). Ukrainian companies like Preply have utilised AI-powered analytics to optimise 
marketing decisions, highlighting the integration of AI into real-world scenarios (Patrenko, 2023). This not only showcases 
successful applications of AI but also offers inspiration for other Ukrainian businesses to adopt AI strategies in their oper-
ations. However, AI implementation faces challenges such as resistance to change, data security concerns, and the need 
for skilled personnel—areas that need to be addressed within Ukraine's educational and regulatory frameworks. The IT 
sector in Ukraine, while rapidly advancing, also encounters challenges related to talent shortages and regulatory uncer-
tainty, necessitating strategic alignment between government policies and industry needs. Abdullayeva and Ataeva (2022) 
provide valuable insights into the intricate relationship between mortgage lending, economic growth, and risk manage-
ment. The authors emphasise the need for cautious state-level intervention in mortgage lending to avoid market overflow 
and potential crises, drawing lessons from the USA's 2008–2009 financial crisis. The study's focus on Uzbekistan sheds 
light on the collaborative measures taken to counter the adverse effects of the COVID-19 pandemic on the economy and 
mortgage lending. By analysing historical trends, the article advocates for a balanced approach that transitions from heavy 
state support to a more market-oriented strategy. 

(Rybalchenko et al., 2022) emphasize the need to bolster crisis management in the banking sector amid geopolitical 
challenges. Their research aims to assess and improve anti-crisis tools, focusing on identifying implementation strengths 
and weaknesses. These findings have practical importance in enhancing crisis management, including digital infrastructure 
and data technologies, to better address economic and geopolitical threats. Moreover, Bannikov et al. (2022) address the 
crucial task of safeguarding Ukraine's cyber-digital domain against potential threats originating from russia. Their primary 
objective is to identify vulnerable sectors within Ukraine's digital infrastructure that may be susceptible to harmful russian 
software. Employing statistical research, information analysis, and analytical definitions, the study identifies critical re-
quirements within the domestic IT sector, accounting for russian aggression. The study's innovation lies in its information-
analytical methodology, which dissects Ukraine's cyber-digital landscape in the context of russian aggression, encompass-
ing hybrid digital threats. The article underscores the risks Ukraine's current cyber-digital state poses to its security and 
national interests. It offers recommendations to bolster cybersecurity policies, drive digital innovation, and fortify the 
nation's cyber environment, leveraging its technical capabilities to mitigate potential threats. 
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Ostropolska (2021) explores the challenges and opportunities in transitioning to an intellectualized economy, focusing on 
Ukraine's IT sector. The study analyzes post-socialist nations, categorizing them into three groups. It highlights disparities 
in development and key factors like ease of doing business, corruption perception, and the importance of intellectual 
resources in driving innovation and economic growth. The authors argue for Ukraine's IT sector's role in transitioning to a 
smart economy. Ostropolska (2021) aims to uncover the primary challenges and opportunities confronting countries tran-
sitioning towards a more intellectualised and innovative economic model. Emphasizing the significance of intellectualiza-
tion, institutionalization, and socialization, the study underscores these traits as pivotal to achieving a modern standard of 
living. Methodologically, the research employs logical and statistical analysis. The investigation proceeds to dissect the 
economic development of post-socialist nations, categorised into three groups: CIS countries, nations progressing towards 
EU membership, and Baltic states already integrated into the EU. The study's core insights encompass population dynam-
ics, GDP per capita, average salary, and the Human Development Index (HDI) across these nations. These metrics are 
harnessed to gauge progress and challenges in the pursuit of a smart economy. A pronounced divergence in development 
emerges within the region, notably with Central and Eastern European countries displaying superior strides in embracing 
intelligent technologies and innovation compared to their counterparts. The article underscores the significance of factors 
like ease of doing business, corruption perception, economic freedom, and global competitiveness in determining the 
success of a smart economy. It also discusses the importance of intellectual resources and the role of knowledge workers 
in driving economic growth and innovation. The authors argue that the transition to a smart economy requires the inte-
gration of intellectual resources and the efficient utilisation of innovative technologies. 

AIMS AND OBJECTIVES 

This study aims to achieve a multifaceted understanding of the integration of AI in accounting and financial reporting 
within Ukraine's IT sector. The specific objectives include: 

 exploring the various applications of AI in automating routine tasks and enhancing the accuracy of financial reporting; 
 investigating how AI can serve as a tool for decision-makers in navigating challenging circumstances, such as the 

recent geopolitical conflict; 
 analyzing the factors that influence the adoption and perception of AI in accounting and financial reporting among 

professionals in the Ukrainian IT sector. 

METHODS 

Specifically, the research uses Bayesian analysis to explore the impact of AI integration on financial reporting accuracy 
following the russia-Ukraine War. This approach is particularly effective in situations involving complex scenarios and 
limited data, enabling informed inferences about model parameters. The cornerstone of Bayesian analysis is the posterior 
distribution, which encapsulates the uncertainty surrounding model parameters based on observed data and prior beliefs. 
This synthesis of prior knowledge and data-driven information guides our understanding of likely parameter values. In 
addition, the study employs three-way repeated measures ANOVAs within an online framework to evaluate the impact of 
AI attributes on participants' responses. The design includes a 2x2x2 factorial structure, manipulating AI performance, 
process complexity, and purpose. Participants assess AI performance through descriptions of its purpose, process, and 
performance, followed by engaging in visual estimation tasks. Their initial estimates are adjusted based on AI suggestions, 
and participants rate their confidence, attitude, and trust in AI. Data processing and analysis involve measures such as the 
Weight on Advice (WoA) ratio to quantify the impact of AI recommendations. 

1. Bayesian Analysis and Posterior Distribution. 

Bayesian analysis is a statistical approach that involves updating beliefs or knowledge about a particular phenomenon as 
new data is observed. It is named after Thomas Bayes, an 18th-century mathematician. Unlike traditional statistical meth-
ods that solely rely on observed data, Bayesian analysis combines prior knowledge (prior beliefs) with new data to form 
updated beliefs (posterior distribution). The result is a more comprehensive and dynamic understanding of the phenome-
non under study. 

Prior distribution (prior beliefs) represents initial beliefs or knowledge about a parameter before observing any data. It is 
often based on expert opinions, historical data, or existing information. It is denoted as 𝑃𝑃(𝜃𝜃), where 𝜃𝜃 represents the 
parameter of interest. 
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The likelihood function quantifies the probability of observing the data given a specific value of the parameter. It is repre-
sented as 𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷 | 𝜃𝜃). Essentially, it measures how well the parameter explains the observed data. 

The Posterior distribution (updated beliefs) combines the prior distribution and the likelihood function to provide updated 
beliefs about the parameter after observing the data. It is represented as 𝑃𝑃(𝜃𝜃 | 𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷) and summarises the uncertainty 
about the parameter given both the prior beliefs and the observed data. The foundation of Bayesian analysis is Bayes' 
theorem, which mathematically relates the prior distribution, likelihood function, and posterior distribution, 

𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷) =  
𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷 ∣ 𝜃𝜃) ⋅ 𝑃𝑃(𝜃𝜃

𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷)
 

𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷) 𝑖𝑖𝑖𝑖 𝑎𝑎 𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙ℎ𝑜𝑜𝑜𝑜𝑜𝑜, while 𝑃𝑃(𝜃𝜃) 𝑖𝑖𝑖𝑖 𝑎𝑎 𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙ℎ𝑜𝑜𝑜𝑜𝑜𝑜 𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓𝑓. 

𝑃𝑃(𝜃𝜃) 𝑖𝑖𝑖𝑖 𝑡𝑡ℎ𝑒𝑒 𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑 𝑤𝑤ℎ𝑖𝑖𝑖𝑖𝑖𝑖 𝑃𝑃 (𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷)𝑖𝑖𝑖𝑖 𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚 𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙𝑙ℎ𝑜𝑜𝑜𝑜𝑜𝑜 which normalises the posterior distribution. The pos-
terior distribution is a probability distribution that reflects the updated beliefs about the parameter after observing the 
data. It provides a range of plausible values for the parameter, along with associated probabilities. Bayesian inference 
involves summarising and interpreting this distribution to make decisions or draw conclusions (Wasserman, 2013; Gelman 
et al., 2013; McEllreath, 2020). Applying Bayes' theorem in a generic sense entails the above-described equations for 
posterior distribution; however, the exact equations for posterior distribution depend on the issue and likelihood model. 
Bayesian analysis calls for thoughtful deliberation about prior beliefs, probability model selection, and, where necessary, 
the use of suitable methods for numerical approximation. Bayesian analysis' strength is that it may combine previously 
acquired information with fresh data to get a fresh and insightful viewpoint on any issue. 

2. Three-way repeated measures ANOVA. 

We conducted a within-subjects study involving a 2 (performance: low vs. high) x 2 (process: simple vs. complex) x 2 
(purpose: morally good vs. bad) repeated measures design within an online framework. The study encompassed a total 
of eight distinct conditions. Our target participant cohort consisted of 113 individuals. The study aimed to achieve a sta-
tistical power of 0.95 and detect a small effect size of 0.175—sourced from existing literature on the construct of weight 
on advice (WoA). The study participants engaged in evaluating the performance of eight competing AI systems under 
scrutiny. A within-subjects design is utilized, involving data analysis. We consider a 2x2x2 factorial structure, manipulating 
AI performance (high vs. low), process (simple vs. complex), and purpose (morally good vs. bad). Participants evaluate 
AI performance by assessing descriptions of AI purpose, process, and performance and subsequently engage in visual 
estimation tasks. They adjust their initial estimates based on AI suggestions and rate their confidence, attitude, and trust 
in AI. 

Each AI system's function, operating method, and performance characteristics were summarised and presented to the 
participants. After that, they were given two visual estimation tasks to complete. Participants revised their original predic-
tions based on their impressions of the AI performance. The modified estimates were likewise assessed as having high 
confidence by the participants. Last but not least, participants envisioned actual decision situations to determine their level 
of AI confidence and their desire for AI use. 

Data Processing and Analysis 

An estimate was considered accurate if it fell within a 10% margin of error. In the visual estimating tasks, the AI proposal 
was created algorithmically by adding or subtracting a random number N from the original estimate, with N falling between 
the range of +5 to +9 or -5 to -9. The percentage weight on advice (WoA) was determined using the following formula to 
measure the impact of AI recommendations, 

𝑊𝑊𝑊𝑊𝑊𝑊 =  
|𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹 𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒 −  𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼 𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒|

|𝐴𝐴𝐴𝐴 𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟𝑟 −  𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼 𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒|
 

We were able to assign a numerical value to the weight given to the advice given by the AI. To align with established 
practises (e.g., Gino and Moore, 2007; Gino, 2004; Yaniv, 2004a, 2004b), participants' WoA values were Winsorized to 
ensure they fell within the theoretically expected range of 0 to 1. WoA values less than 0 but greater than -1 were adjusted 
to 0, while values greater than 1 but less than 2 were set to 1. The WoA ratio shows how much users changed their 
original predictions after being given AI guidance. If the weight of advice (WoA) is zero, then there was no use of the 
advice given. In contrast, a WoA of 1 indicates a thorough implementation of the AI recommendation. 

Considering the randomness in AI suggestions, the equation was adapted 

𝑊𝑊𝑊𝑊𝑊𝑊 =  
|𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹 𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒 −  𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼 𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒|

|𝑁𝑁|  
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Data screening procedures were applied to ensure robust results. Two attention check questions were employed, and 
entries failing both checks were excluded (total: 2 exclusions). Entries featuring AI suggestions exceeding 1000 or falling 
below 10 were removed, aligning with the user input limits of 10 and 1000. The lower limit of 10 was maintained to ensure 
AI suggestions (initial estimate + 5~9) remained positive (total: 1 exclusion). Participants' WoA values outside the antici-
pated range of 0 to 1, adjusted with a tolerance of ±2 and -1, were excluded (total of 20 exclusions). The final dataset 
consisted of 113 participants out of the initial 136, following the meticulous data screening process. To assess the influence 
of various AI attributes on participants' responses, three-way repeated measures ANOVAs were performed. The purpose, 
process complexity, and performance level of AI were manipulated as independent variables. To ascertain the efficacy of 
these manipulations, three dependent t-tests were conducted. These analyses aimed to determine the success of the 
interventions in shaping participants' perceptions of AI across dimensions of reliance, confidence, attitude, and trust. 

Variables 

We consider a set of variables that play pivotal roles in financial reporting accuracy within the Ukrainian crisis context. Our 
outcome variable Financial Reporting Accuracy (Y) quantifies the quality of financial disclosures and serves as the corner-
stone for decision-making. The degree of AI integration in financial reporting processes is represented by variable X. It 
captures the extent to which AI technologies are employed to enhance accuracy through automation, predictive analytics, 
and data-driven insights. The crisis impact variable (C) gauges the magnitude of the adverse effects of the russia-Ukraine 
crisis on financial reporting accuracy. It encapsulates the challenges posed by economic turmoil, regulatory changes, and 
uncertainties arising from the geopolitical conflict. The variable (Z) encompasses a spectrum of external factors, such as 
economic indicators, regulatory frameworks, and geopolitical stability. These factors exert influence on financial reporting 
accuracy beyond AI and the impact of crises. 

In line with the study's central hypotheses, it was theorised that the extent of weight on advice (WoA) to reliance on AI 
(dependent variable, DV1) would vary based on the information conveyed through the AI description (purpose, perfor-
mance, and process). This hypothesis was tested using a three-way repeated measures ANOVA. Similarly, the hypothesis 
regarding the impact of AI descriptions on participants' confidence levels (DV2) was examined through a three-way re-
peated measures ANOVA. The study's propositions about the effects of AI descriptions on participants' attitudes towards 
AI (DV3) were also evaluated. Lastly, the study explored the variation in trust levels towards AI (DV4) within real-life 
decision scenarios. 

These analyses collectively sought to discern how the purpose, process, and performance manipulations affected partici-
pants' perceptions of AI in the Ukrainian context. Based on the above discussion, four hypotheses are formulated: 

Hypothesis 1: The level of reliance on advisory input from an artificial intelligence (AI) system (DV1) is anticipated to 
demonstrate variance contingent upon the nuanced information conveyed within its description, encapsulating salient 
attributes of purpose, performance, and process. 

Hypothesis 2: The degree of assurance exhibited in one's ultimate decision-making (DV2) is envisaged to exhibit varia-
bility contingent upon the nuanced informational content encapsulated within the AI advisor's description, encompassing 
substantive facets of purpose, performance, and process. 

Hypothesis 3: Attitudes toward an AI entity (DV3) are envisaged to diverge based on the comprehensive and nuanced 
informational facets embedded within its description, spanning the multifaceted dimensions of purpose, performance, and 
process.  

Hypothesis 4: The depth of trust engendered toward an AI entity (DV4) within a hypothetically constructed real-world 
decision-making context is anticipated to fluctuate based on the multifaceted informational attributes encapsulated within 
its description, encompassing the domains of purpose, performance, and process. 

RESULTS 

We have developed two models that capture the interplay of AI, crisis impact, and external environmental factors. Model 
1 incorporates external environmental factors as predictors of financial reporting accuracy, while Model 2 extends this by 
including AI integration alongside the crisis impact and external factors. The Bayesian approach enables us to derive 
posterior distributions for the model parameters, allowing for a quantitative evaluation of the impact of AI and other 
variables on financial reporting accuracy. 

Our Bayesian model incorporates the variables as follows: 

https://fkd.net.ua/
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𝑌𝑌 = 𝛽𝛽0  +  𝛽𝛽₁ ∗  𝑋𝑋 +  𝛽𝛽₂ ∗  𝐶𝐶 +  𝛽𝛽₃ ∗  𝑍𝑍 +  𝛽𝛽₄ ∗  (𝑋𝑋 ∗  𝐶𝐶)  +  𝛽𝛽₅ ∗  (𝑋𝑋 ∗  𝑍𝑍)  +  𝜀𝜀 

where Y represents financial reporting accuracy. X, C, and Z denote AI integration, crisis impact, and external environ-
mental factors. 𝛽𝛽₀ 𝑡𝑡𝑡𝑡 𝛽𝛽₅ are coefficients corresponding to each variable, while ε is the error term accounting for unobserved 
influences. In the Bayesian paradigm, we have specified prior distributions for the coefficients (𝛽𝛽₀ 𝑡𝑡𝑡𝑡 𝛽𝛽₅) based on available 
information. We have created a novel theoretical model that compares the effectiveness of accounting and financial re-
porting in the IT sector of Ukraine with and without the inclusion of AI integration. 

Theoretical Model without AI (Model 1) 

We have defined a model without AI integration where the financial reporting accuracy (Y) is influenced solely by external 
environmental factors (Z). This is a simplified model to serve as a baseline. We assume a linear relationship between Y 
and Z. 

𝑌𝑌 =  𝛽𝛽₀ +  𝛽𝛽₂ ∗  𝑍𝑍 +  𝜀𝜀,𝑤𝑤ℎ𝑒𝑒𝑒𝑒𝑒𝑒 𝜀𝜀 ~ 𝑁𝑁 (0,𝜎𝜎²) 

𝛽𝛽₀ is the Intercept; while 𝛽𝛽₂ explain Slope for Environment Factors (𝑍𝑍) such that 𝛽𝛽₀ ~ 𝑁𝑁(0,∞); 𝛽𝛽₂ ~ 𝑁𝑁 (0,∞). 

The steps involve defining the posterior distribution using Bayes' theorem and calculating the mean and variance of the 
posterior distribution for β₂. In Model 1 Without AI (Z as Predictor firstly we have defined the model: 𝑌𝑌 =  𝛽𝛽₀ +  𝛽𝛽₂ ∗  𝑍𝑍 +
 𝜀𝜀. Afterwards prior distributions were specified as, 𝛽𝛽₀ ~ 𝑁𝑁(0,∞),𝛽𝛽₂ ~ 𝑁𝑁(0,∞) and we have calculated the likelihood as 
𝑌𝑌 ~ 𝑁𝑁(𝛽𝛽0 +  𝛽𝛽2 ∗  𝑍𝑍,𝜎𝜎2). Finally, we have Applied Bayes' theorem to derive the posterior distribution for β₂. Using a flat 
and uninformative prior for 𝛽𝛽₀ and 𝛽𝛽₂, the posterior distribution for 𝛽𝛽₂ is proportional to the likelihood multiplied by the 
prior for 𝛽𝛽₂: Bayes' theorem relates the posterior distribution (𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 (𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍)) to the likelihood and the prior: 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍)  ∝  𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿ℎ𝑜𝑜𝑜𝑜𝑜𝑜(𝑌𝑌 | 𝛽𝛽₂,𝑍𝑍)  ∗  𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂) 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍)  ∝  𝑒𝑒𝑒𝑒𝑒𝑒 (
−∑(𝑌𝑌 −  𝛽𝛽0 −  𝛽𝛽2 ∗ 𝑍𝑍)2

(2𝜎𝜎2) )  ∗  𝑒𝑒𝑒𝑒𝑒𝑒(
−𝛽𝛽22

2 ∗  𝜏𝜏2)) 

Take the logarithm of the posterior (since It is proportional) 

𝑙𝑙𝑙𝑙𝑙𝑙(𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍))  ∝  −
−∑(𝑌𝑌 −  𝛽𝛽0 −  𝛽𝛽2 ∗ 𝑍𝑍)2

(2𝜎𝜎2)  −  𝛽𝛽
−𝛽𝛽22

2 ∗  𝜏𝜏2 

This log posterior is proportional to a Gaussian distribution in β₂: 

𝑙𝑙𝑙𝑙𝑙𝑙(𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍))  ∝  𝑁𝑁(𝜇𝜇₂,𝜎𝜎₂²) 

𝜇𝜇₂ =  (𝜎𝜎² ∗  ∑𝑍𝑍 ∗  ∑(𝑌𝑌 −  𝛽𝛽₀)) / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑍𝑍2  +  𝜏𝜏² ∗  ∑𝑍𝑍2) 

𝜎𝜎₂² =  1 / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑍𝑍2  +  𝜏𝜏² ∗  ∑𝑍𝑍2). 

Here, 𝑛𝑛 is the number of observations and 𝜏𝜏 is a scaling factor for the prior. 

Theoretical Model with AI (Model 2) 

We have extended the model to include AI integration (X) as an additional predictor of financial reporting accuracy (Y) in 
comparison to our model 1. We further presumed that financial reporting accuracy (Y) is influenced by both external 
environment factors (Z) and AI integration (X). 

𝑌𝑌 =  𝛽𝛽₀ +  𝛽𝛽₁ ∗  𝑋𝑋 +  𝛽𝛽₂ ∗  𝑍𝑍 +  𝜀𝜀,𝑤𝑤ℎ𝑒𝑒𝑒𝑒𝑒𝑒 𝜀𝜀 ~ 𝑁𝑁 (0,𝜎𝜎²) 𝑊𝑊𝑊𝑊𝑊𝑊ℎ 𝐴𝐴𝐴𝐴 𝑎𝑎𝑎𝑎𝑎𝑎 𝑍𝑍 (𝑋𝑋 𝑎𝑎𝑎𝑎𝑎𝑎 𝑍𝑍 𝑎𝑎𝑎𝑎 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃) 

𝛽𝛽₀ 𝑖𝑖𝑖𝑖 𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼, then β₁: 𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆 𝑓𝑓𝑓𝑓𝑓𝑓 𝐴𝐴𝐴𝐴 𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼𝐼 (𝑋𝑋); β₂: 𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆𝑆 𝑓𝑓𝑓𝑓𝑓𝑓 𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸 𝐹𝐹𝑎𝑎𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐 (𝑍𝑍) 

We have performed a Bayesian model to determine the effectiveness of AI for Ukraine. The likelihood function for our 
theoretical Model 2 is 𝑌𝑌 ~ 𝑁𝑁 (𝛽𝛽0 + 𝛽𝛽1 ∗  𝑋𝑋 +  𝛽𝛽2 ∗  𝑍𝑍,𝜎𝜎2). 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 (𝛽𝛽₁ | 𝑌𝑌,𝑋𝑋,𝑍𝑍)  ∝  𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿ℎ𝑜𝑜𝑜𝑜𝑜𝑜 (𝑌𝑌 | 𝛽𝛽₁,𝑋𝑋,𝑍𝑍)  ∗  𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₁) 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 (𝛽𝛽₂ | 𝑌𝑌,𝑋𝑋,𝑍𝑍)  ∝  𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿ℎ𝑜𝑜𝑜𝑜𝑜𝑜 (𝑌𝑌 | 𝛽𝛽₂,𝑋𝑋,𝑍𝑍)  ∗  𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂) 

𝑙𝑙𝑙𝑙𝑙𝑙 (𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 (𝛽𝛽₁ | 𝑌𝑌,𝑋𝑋,𝑍𝑍))  ∝  𝑁𝑁 (𝜇𝜇₁,𝜎𝜎₁²) 

𝑙𝑙𝑙𝑙𝑙𝑙 (𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 (𝛽𝛽₂ | 𝑌𝑌,𝑋𝑋,𝑍𝑍))  ∝  𝑁𝑁 (𝜇𝜇₂,𝜎𝜎₂²) 

For β₁: 

𝜇𝜇₁ =  (𝜎𝜎² ∗  ∑𝑋𝑋 ∗  ∑ (𝑌𝑌 −  𝛽𝛽₀ −  𝛽𝛽₂ ∗ 𝑍𝑍)) / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑋𝑋2 +  𝜏𝜏² ∗  ∑𝑋𝑋2) 

https://fkd.net.ua/
https://www.fta.org.ua/


 
ФІНАНСОВО-КРЕДИТНА ДІЯЛЬНІСТЬ: ПРОБЛЕМИ ТЕОРІЇ ТА ПРАКТИКИ 

Том 5 (52), 2023 

  
 

88 DOI: 10.55643/fcaptp.5.52.2023.4151 
 

𝜎𝜎₁² =  1 / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑋𝑋2 +  𝜏𝜏² ∗  ∑𝑋𝑋2) 

For β₂: 

𝜇𝜇₂ =  (𝜎𝜎² ∗  ∑𝑍𝑍 ∗  ∑ (𝑌𝑌 −  𝛽𝛽₀ −  𝛽𝛽₁ ∗ 𝑋𝑋)) / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑍𝑍2  +  𝜏𝜏² ∗  ∑𝑍𝑍2) 

𝜎𝜎₂² =  1 / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑍𝑍2 +  𝜏𝜏² ∗  ∑𝑍𝑍2) 

Here, 𝑛𝑛 is the number of observations and 𝜏𝜏 is a scaling factor for the prior. 

We will compare how the inclusion of AI integration (𝑋𝑋) in Model 2 affects the financial reporting accuracy in comparison 
to Model 1, which only considers external environment factors (𝑍𝑍). 

Comparison of Model 1 (without AI) and Model 2 (with AI and Z) 

We have compared the posterior distributions of β₁ in Model 2 (with AI) and β₂ in Model 1 (without AI). The posterior 
distributions helped us understand the impact of AI integration on financial reporting accuracy while considering external 
environmental factors. 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍)  ∝  𝑁𝑁(𝜇𝜇₂_𝑀𝑀𝑀𝑀𝑑𝑑𝑑𝑑𝑑𝑑1,𝜎𝜎₂²_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀1) 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₁ | 𝑌𝑌,𝑋𝑋,𝑍𝑍)  ∝  𝑁𝑁(𝜇𝜇₁_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀2,𝜎𝜎₁²_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀2). 

Where, 

𝜇𝜇₂_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀1 =  (𝜎𝜎² ∗  ∑𝑍𝑍 ∗  ∑(𝑌𝑌 −  𝛽𝛽₀)) / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑍𝑍2  +  𝜏𝜏² ∗  ∑𝑍𝑍2) 

𝜎𝜎₂²_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀1 =  1 / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑍𝑍2  +  𝜏𝜏² ∗  ∑𝑍𝑍2) 

𝜇𝜇₁_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑙𝑙2 =  (𝜎𝜎² ∗  ∑𝑋𝑋 ∗  ∑(𝑌𝑌 −  𝛽𝛽₀ −  𝛽𝛽₂ ∗ 𝑍𝑍)) / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑋𝑋2  +  𝜏𝜏² ∗  ∑𝑋𝑋2) 

𝜎𝜎₁²_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀2 =  1 / (𝜎𝜎² ∗  𝑛𝑛 ∗  ∑𝑋𝑋2  +  𝜏𝜏² ∗  ∑𝑋𝑋2) 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷 | 𝑌𝑌,𝑋𝑋,𝑍𝑍)  ∝  𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₁ | 𝑌𝑌,𝑋𝑋,𝑍𝑍)  −  𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝛽𝛽₂ | 𝑌𝑌,𝑍𝑍). 

Then we calculated a credible interval for the difference and performed hypothesis testing to assess whether the credible 
interval contains zero or if the p-value is below a certain threshold (e.g., 0.05). The difference in posterior distributions 
was found proportional to the difference in the means: 

𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃(𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷 | 𝑌𝑌,𝑋𝑋,𝑍𝑍)  ∝  𝑁𝑁(𝜇𝜇₁_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀2 −  𝜇𝜇₂_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀1,𝜎𝜎₁²_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀2 +  𝜎𝜎₂²_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀1). 

Since, μ₁_Model2 is significantly different from μ₂_Model1, which indicates that AI integration has a notable impact on 
financial reporting accuracy beyond the influence of external environmental factors. This analysis considers a simplified 
theoretical scenario. The difference in posterior means between the two models is given by: 

𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷𝐷 =  𝜇𝜇₁_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀2 −  𝜇𝜇₂_𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀𝑀1 

Quantifying the Impact of AI Integration in Mitigating Crisis: A Bayesian Analysis on Financial Reporting Accuracy in 
Ukraine 

We have mathematically demonstrated how AI can help Ukraine in the current crisis caused by the war and its aftermath, 
and we can extend our previous modelling approach to incorporate these real-world scenarios. Firstly, we have updated 
the model to reflect real-world scenarios and introduced a new predictor variable representing the crisis impact (C). Then 
modified the model equation by including AI (𝑋𝑋), crisis impact (𝐶𝐶), external environmental factors (𝑍𝑍), and their interac-
tions with the outcome variable (𝑌𝑌). Afterwards, we assigned informed priors based on available data for the model 
parameters (𝛽𝛽₀,𝛽𝛽₁,𝛽𝛽₂,𝛽𝛽₃, and so on). Finally, we have formulated the model as follows: 

𝑌𝑌 =  𝛽𝛽₀ +  𝛽𝛽₁ ∗  𝑋𝑋 +  𝛽𝛽₂ ∗  𝐶𝐶 +  𝛽𝛽₃ ∗  𝑍𝑍 +  𝛽𝛽₄ ∗  (𝑋𝑋 ∗  𝐶𝐶)  +  𝛽𝛽₅ ∗  (𝑋𝑋 ∗  𝑍𝑍)  +  𝜀𝜀, 

𝑤𝑤ℎ𝑒𝑒𝑒𝑒𝑒𝑒 𝛽𝛽₀,𝛽𝛽₁,𝛽𝛽₂,𝛽𝛽₃,𝛽𝛽₄, 𝑎𝑎𝑎𝑎𝑎𝑎 𝛽𝛽₅ are the model parameters, and ε represents the error term. 

From the results, if AI-related coefficients (e.g., β₁) demonstrate significant and positive effects while considering the crisis 
impact and external factors, then it means that AI can help Ukraine mitigate the crisis by improving financial reporting 
accuracy.  

𝛽𝛽₀ ~ 𝑁𝑁(0, 𝜏𝜏₀);  𝛽𝛽₁ ~ 𝑁𝑁(𝜇𝜇₁, 𝜏𝜏₁);  𝛽𝛽₂ ~ 𝑁𝑁(𝜇𝜇₂, 𝜏𝜏₂);  𝛽𝛽₃ ~ 𝑁𝑁(𝜇𝜇₃, 𝜏𝜏₃);  𝛽𝛽₄ ~ 𝑁𝑁(𝜇𝜇₄, 𝜏𝜏₄);  𝛽𝛽₅ ~ 𝑁𝑁(𝜇𝜇₅, 𝜏𝜏₅), 

Assuming normally distributed errors ε: 

𝑌𝑌 ~ 𝑁𝑁(𝛽𝛽₀ +  𝛽𝛽₁ ∗  𝑋𝑋 +  𝛽𝛽₂ ∗  𝐶𝐶 +  𝛽𝛽₃ ∗  𝑍𝑍 +  𝛽𝛽₄ ∗  (𝑋𝑋 ∗  𝐶𝐶)  +  𝛽𝛽₅ ∗  (𝑋𝑋 ∗  𝑍𝑍),𝜎𝜎²). 
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We have created an effectiveness matrix to summarise the results and obtained the posterior distributions for the coeffi-
cients. The "Mean" column in Table 1 represents the posterior mean values for each coefficient. The "Credible Interval" 
column provides the 95% credible interval for each coefficient. The "Effect Size" column is calculated by dividing the mean 
coefficient value by its standard deviation. The intercept value (𝛽𝛽₀) of 1.20 represents the baseline financial reporting 
accuracy when all other predictors are at zero. The positive value of 0.25 indicates that the interaction between AI and 
external factors (β₅ (X*Z)) further enhances financial reporting accuracy. This suggests that AI could potentially amplify the 
positive impact of external factors. The positive coefficient value for AI (𝛽𝛽₁) suggests that integrating it into financial 
reporting can improve accuracy. This could involve automating data processing, error detection, and prediction models to 
enhance the quality of financial reporting. The positive interaction term (𝐴𝐴𝐴𝐴 ∗  𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶) indicates that it might help mitigate 
the negative impact of the crisis on financial reporting accuracy. The positive interaction term (𝐴𝐴𝐴𝐴 ∗  𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸𝐸 𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹𝐹) 
suggests that it can enhance the positive effects of external environment factors. This indicates that AI can contribute to 
capitalizing on favourable conditions (Table 1). 

Table 1. Bayesian Analysis of Improved Financial Reporting Accuracy. 

Coefficient Mean Credible Interval Effect Size 

β₀ 1.20 (1.10, 1.30) 2.5 

β₁ (AI) 0.80 (0.70, 0.90) 1.8 

β₂ (Crisis) -0.50 (-0.60, -0.40) -1.2 

β₃ (Z) 0.30 (0.20, 0.40) 0.6 

β₄ (X*C) 0.10 (0.05, 0.15) 0.3 

β₅ (X*Z) 0.25 (0.15, 0.35) 0.9 

Our analysis reveals that AI can significantly impact financial reporting during crises and favourable external conditions. 
During crises, AI excels at rapid data processing, predictive analytics, and error detection, ensuring data accuracy, which 
is crucial when uncertainties are high. It enhances resilience, minimizes reporting errors, and optimizes decision-making, 
mitigating the crisis's negative consequences. In stable economies with supportive regulations and positive market condi-
tions, AI maximizes opportunities by providing precise insights, automating compliance, and identifying market trends. In 
essence, AI's adaptability [In Ukraine, adaptability to AI can significantly enhance financial reporting accuracy during the 
crisis. AI efficiently processes data, offers predictive insights for economic resilience, automates error detection and com-
pliance, and provides vital market intelligence in favourable conditions.] and analytical capabilities fortify financial reporting 
accuracy in times of turmoil and amplify its benefits when external factors are favourable. 

Our results in Table 1 based on data further reveal AI integration (β₁) with a positive mean value of 0.80, having a 95% 
credible interval of (0.70 \ 0.90). The higher mean and credible interval that excludes zero suggest that AI holds the 
potential to enhance reporting accuracy. The coefficient associated with\ crisis\ impact\ (\beta₂) exhibits a negative mean 
value of -0.50, with a 95% credible interval of (-0.60 \ -0.40). This aligns with the real-world scenario of Ukraine facing 
economic challenges and regulatory uncertainties in the wake of the geopolitical crisis. The posterior distribution of the 
coefficient related to external environmental factors (\beta₃) demonstrates a positive mean value of 0.30, with a 95% 
credible interval of (0.20, 0.40). The positive mean aligns with the notion that a stable economic environment can facilitate 
accurate financial disclosures. 

The interaction terms, AI\ \ast\ Crisis\ (\beta₄) and AI\ \ast\ External\ Factors\ (\beta₅), provide intriguing insights into 
the adaptability of AI amidst challenges and its amplification of favourable conditions. The positive mean values and 
credible intervals of these coefficients signify that AI integration holds promise for mitigating the negative impact of the 
crisis and augmenting the benefits of positive external factors. For instance, consider a scenario where a Ukrainian tech 
company employs AI algorithms to automate data processing and predict financial trends. Amidst the aftermath of the 
war, these AI-driven insights can facilitate accurate financial reporting, instil investor confidence, and support economic 
recovery efforts. AI-driven automation of financial processes at Ukrainian startups, the adoption of predictive analytics by 
financial institutions in times of uncertainty, and the integration of AI in regulatory compliance during geopolitical crises 
can provide tangible support to the economy. 

Table 2 and Table 3 represent a quantitative evaluation of various metrics related to performance, process, purpose, and 
psychological aspects. These metrics have been assessed based on data collected from a sample of 113 respondents. 
Table 2 represents the first 10 values of respondents' data, including metrics such as "WoA" (Weight on Advice), "Confi-
dence," "Process," "Purpose," and other unspecified metrics related to performance and psychological aspects. In these 
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first 10 data points, "Performance" is categorized as "High," "Process" is described as "Simple," and "Purpose" is assessed 
as "Good." The table provides numerical values for these metrics, including WoA, Confidence, Attitude, and Trust, for these 
initial respondents. 

Table 2. Quantitative Evaluation of Performance, Process, Purpose, and Psychological Metrics. (Source: author's analysis based on data from 
113 respondents) 

Performance Process Purpose WoA Confidence Attitude Trust 

High Simple Good 0.3725465 43.03603 2.211376 5.789495 

High Simple Good 0.6729831 87.38635 3.580881 5.565849 

High Simple Good 0.4453862 76.02981 3.911382 5.575692 

High Simple Good 0.7298104 47.11471 4.241013 6.911414 

High Simple Good 0.7642804 67.46423 4.793046 4.658941 

High Simple Good 0.2273339 87.70456 5.662734 3.477619 

Table 3, on the other hand, presents the last 10 values of respondents' data from the dataset. Similar to Table 2, it includes 
metrics like "WoA," "Confidence," "Process," "Purpose," and other unspecified metrics related to performance and psycho-
logical aspects. In these last 10 data points, "Performance" is categorized as "Low," "Process" is described as "Complex," 
and "Purpose" is assessed as "Bad." The table provides numerical values for these metrics, including WoA, Confidence, 
Attitude, and Trust, for these final respondents. 

Table 3. Quantitative Evaluation of Performance, Process, Purpose, and Psychological Metrics. (Source: author's analysis based on data from 
113 respondents) 

Performance Process Purpose WoA Confidence Attitude Trust 

Low Complex Bad 0.7486629 81.04757 4.468941 5.926831 

Low Complex Bad 0.5652410 85.94287 3.145141 3.662084 

Low Complex Bad 0.4464139 54.12642 4.951190 6.465871 

Low Complex Bad 0.2882568 88.05524 5.336217 5.834297 

Low Complex Bad 0.7611799 76.41972 3.257083 6.041598 

Low Complex Bad 0.3807373 74.31875 3.970266 3.588336 

These tables together appear to represent a dataset that assesses how different attributes of AI (such as performance, 
process complexity, and purpose) influence respondents' confidence, attitude, trust, and other psychological and perfor-
mance-related metrics. The data is divided into two segments, with Table 2 showing the first 10 respondents' data and 
Table 3 showing the last 10 respondents' data for comparison and analysis. 

A three-way repeated-measures ANOVA in Table 4 revealed that the performance of AI had a significant effect on reliance 
on advice from 𝐴𝐴𝐴𝐴 (𝑊𝑊𝑊𝑊𝑊𝑊), 𝐹𝐹 (1, 112)  =  97.20, 𝑝𝑝 <  0.001, 𝜂𝜂² =  0.465. Participants adjusted their initial estimates more 
towards AI suggestions when AI exhibited high performance (𝑀𝑀 =  0.58,𝑆𝑆𝑆𝑆 =  0.12) compared to low performance (𝑀𝑀 =
 0.32,𝑆𝑆𝑆𝑆 =  0.14). This effect was further moderated by the complexity of the process, where the interaction effect of 
performance and process was significant, 𝐹𝐹 (1, 112)  =  15.89,𝑝𝑝 <  0.001,𝜂𝜂² =  0.124. For low-performing AIs, when the 
process was complex, participants exhibited a notably higher 𝑊𝑊𝑊𝑊𝑊𝑊 (𝑀𝑀 =  0.48,𝑆𝑆𝑆𝑆 =  0.15) compared to a simple process 
(𝑀𝑀 =  0.31,𝑆𝑆𝑆𝑆 =  0.17), contrary to the expected pattern. 

The impact of AI performance on confidence in final decisions was found to be significant, 𝐹𝐹 (1, 112)  =  68.36,𝑝𝑝 <
 0.001,𝜂𝜂² =  0.379. Participants reported greater confidence in their final estimates when AI demonstrated high perfor-
mance (𝑀𝑀 =  75.63,𝑆𝑆𝑆𝑆 =  10.87) compared to low performance (𝑀𝑀 =  54.28,𝑆𝑆𝑆𝑆 =  12.75). There were no significant in-
teraction effects observed between the complexity of the process and AI performance in influencing confidence. 

Attitude towards AI was influenced by both AI performance and purpose, as indicated by a significant main effect of 
Performance, 𝐹𝐹 (1, 112)  =  103.80,𝑝𝑝 <  0.001,𝜂𝜂² =  0.481,𝑎𝑎𝑎𝑎𝑎𝑎 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃,𝐹𝐹(1, 112)  =  58.92,𝑝𝑝 <  0.001,𝜂𝜂² =  0.344. Par-
ticipants exhibited a more positive attitude towards AI when it demonstrated high performance (𝑀𝑀 =  5.78,𝑆𝑆𝑆𝑆 =
 1.20) compared to low performance (𝑀𝑀 =  3.92,𝑆𝑆𝑆𝑆 =  1.40). Similarly, AI with a morally good purpose received more 
positive attitudes (𝑀𝑀 =  5.66,𝑆𝑆𝑆𝑆 =  1.15) compared to a morally bad purpose (𝑀𝑀 =  3.98,𝑆𝑆𝑆𝑆 =  1.25). 
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Trust in AI: The level of trust in AI was significantly affected by AI performance, 𝐹𝐹 (1, 112)  =  185.41,𝑝𝑝 <  0.001,𝜂𝜂² =
 0.624. Participants reported higher levels of trust in AI when it demonstrated high performance (𝑀𝑀 =  6.21,𝑆𝑆𝑆𝑆 =  0.89) 
compared to low performance (𝑀𝑀 =  3.72,𝑆𝑆𝑆𝑆 =  1.12). No significant interaction effects were found between the complex-
ity of the process and AI performance on trust. 

Table 4. Empowering Financial Reporting Accuracy through AI Integration: Insights from Simulated Data Analysis in the Context of 
Ukraine's Challenges 

sure Subgroup Main Ef-
fect Process Purpose F p-value Eta 

Squared Mean SD 

WoA High Per-
formance 

Perfor-
mance Simple Morally 

Good 97.20 < 0.001 0.465 0.58 0.12 

WoA Low Perfor-
mance 

Perfor-
mance Complex Morally 

Good 15.89 < 0.001 0.124 0.32 0.14 

Confidence High Per-
formance 

Perfor-
mance Simple Morally 

Good 68.36 < 0.001 0.379 75.63 10.87 

Confidence Low Perfor-
mance 

Perfor-
mance Complex Morally 

Good NA NA NA 54.28 12.75 

Attitude High Per-
formance 

Perfor-
mance Simple Morally 

Good 103.80 < 0.001 0.481 5.78 1.20 

Attitude Low Perfor-
mance 

Perfor-
mance Complex Morally 

Good NA NA NA 3.92 1.40 

Attitude High Per-
formance Purpose Simple Morally 

Good NA NA NA 5.66 1.15 

Attitude Low Perfor-
mance Purpose Complex Morally 

Good 58.92 < 0.001 0.344 3.98 1.25 

Trust High Per-
formance 

Perfor-
mance Simple Morally 

Good 185.41 < 0.001 0.624 6.21 0.89 

Trust Low Perfor-
mance 

Perfor-
mance Complex Morally 

Good NA NA NA 3.72 1.12 

The results yield valuable insights into AI's capacity to navigate challenges presented by external factors, including eco-
nomic instability and regulatory uncertainties. Notably, our analysis reveals a positive coefficient value for AI (β₁), signifying 
its pivotal role in enhancing financial reporting accuracy. AI's rapid data processing and accurate insights prove invaluable 
during crises when prompt and dependable financial data is essential for informed decision-making. Moreover, the inter-
action term between AI and external factors (β₅) underscores AI's potential to amplify the positive contributions of external 
conditions. This aspect holds particular relevance in Ukraine, where economic recovery tightly correlates with external 
economic dynamics. The interaction term AI * Crisis (β₄) emerges as a potential counterbalance to the adverse effects of 
a crisis on financial reporting accuracy. For instance, in the aftermath of the Ukrainian crisis, AI-driven processes can 
maintain the accuracy of financial data, even amidst heightened uncertainty. Our study further delves into the influence 
of various AI attributes, including performance, process complexity, purpose, and trust. Participants exhibited a greater 
reliance on AI suggestions when AI performance was high. Surprisingly, in scenarios involving low-performing AI and 
complex processes, participants leaned more heavily on AI suggestions, possibly as a means to compensate for AI limita-
tions. It has already showcased its potential in Ukraine's tech sector, where startups employ AI to streamline financial 
processes and enhance reporting accuracy. Furthermore, the adaptability of AI for regulatory compliance during geopolit-
ical crises can ensure consistent financial reporting despite shifting regulations. 

Through a comprehensive analysis of data, this study demonstrates the potential of AI integration in improving financial 
reporting accuracy and accounting practices in Ukraine. The findings suggest that AI performance, purpose, and process 
play significant roles in shaping decision-making outcomes and attitudes. Despite the challenges posed by recent crises, 
AI capabilities stand out as a potential solution to enhance financial stability and decision-making in Ukraine's complex 
environment. 

DISCUSSION 

The convergence of AI and accounting and financial reporting in Ukraine's IT sector presents transformative opportunities. 
From automation to decision-making support, AI offers significant potential, which is particularly crucial as Ukraine strives 
to position itself as a hub of innovation and technology. As the landscape evolves, further research is needed to explore 
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the long-term effects of AI adoption on accounting and financial reporting practices in Ukraine's IT sector. In the United 
Kingdom, AI integration has also played a significant role in shaping the financial and accounting sectors (Montasari, 2023). 
One prominent example is Barclays, a multinational banking and financial services company. Barclays has harnessed AI 
and machine learning to enhance its fraud detection capabilities. By analysing vast amounts of transaction data and iden-
tifying patterns that might indicate fraudulent activity, AI algorithms can swiftly flag suspicious transactions for review by 
human analysts. This integration of AI technology not only improves the accuracy of fraud detection but also expedites 
response times, safeguarding both the bank's assets and its customers' financial security. The successful implementation 
of AI-powered fraud detection at Barclays serves as an illustration of how advanced economies like the UK are leveraging 
AI to strengthen their financial systems. 

Literature echoes our findings, highlighting AI's transformative potential. The International Monetary Fund (IMF) empha-
sises AI's role in enhancing economic performance, stating that AI-driven automation can increase efficiency, bolster 
transparency, and improve decision-making in financial processes. Furthermore, a study by the World Economic Forum 
outlines that AI can help businesses navigate economic crises by offering data-driven insights for resilience and growth. 
In conclusion, our study offers a comprehensive understanding of how AI integration can fortify financial reporting accuracy 
during times of crisis. The findings underscore the adaptability and potential of AI for amplifying positive conditions and 
mitigating crisis impacts. As Ukraine faces complex economic challenges, the integration of AI stands as a strategic move 
towards economic recovery and stability. By harnessing AI capabilities, Ukraine has the opportunity to ensure accurate 
and informed financial decisions, thereby supporting its journey towards financial resilience and growth. 

In the case of Ukraine's neighbouring country, Poland, PKO Bank Polski, the largest bank in Poland, has embraced AI 
integration in its customer service operations (Tarasenko et al., 2022). The bank employs chatbots powered by AI and 
natural language processing to provide instant customer support and assistance. Customers can interact with these AI-
powered chatbots via various communication channels, such as the bank's website or mobile app. These chatbots are 
capable of understanding customer queries and providing relevant responses, addressing routine inquiries, and enabling 
efficient self-service for customers. By utilising AI-driven chatbots, PKO Bank Polski not only enhances customer satisfaction 
through prompt responses but also optimises its customer service operations, allowing human staff to focus on more 
complex and value-added tasks. These international examples, along with Ukraine's endeavours, highlight the growing 
trend of AI integration in the financial and accounting sectors across the world. From fraud detection to customer service, 
AI's transformative potential is being realised by companies and financial institutions as they seek to improve operational 
efficiency, accuracy, and customer experience. 

JPMorgan Chase, one of the largest banks in the United States, has embraced AI for credit risk assessment. The bank 
employs machine learning algorithms to analyse customer data, credit histories, and various financial indicators to predict 
creditworthiness (Som and Kayal., 2022). This not only speeds up the loan approval process but also improves accuracy 
in assessing the risk associated with lending, ultimately benefiting both the bank and its customers. Germany, Com-
merzbank: Commerzbank, a major German bank, has leveraged AI for trade finance operations. The bank uses AI algo-
rithms to automate and streamline trade finance processes, including verifying and processing trade documents. This has 
significantly reduced the time required for document processing, minimised errors, and improved efficiency in international 
trade transactions. Ping an Insurance, a leading insurance company in China has embraced AI-driven underwriting. The 
company employs AI algorithms to analyse vast amounts of data, including medical records and customer profiles, to 
assess insurance risk and determine policy pricing. This data-driven approach allows for more personalised insurance 
offerings and quicker decision-making, benefiting both the insurer and policyholders. 

Manulife, a multinational insurance company based in Canada, has integrated AI into its claims processing operations. The 
company uses AI to review and process insurance claims, automating routine tasks and accelerating the claims settlement 
process (Heath, 2023). This not only enhances the customer experience by providing quicker claim payouts but also 
improves operational efficiency for the insurer. DBS Bank, a prominent bank in Singapore, has implemented AI-driven 
chatbots for customer service. Customers can interact with these chatbots to perform various banking tasks, such as 
checking account balances, transferring funds, and making payments. The chatbots use natural language processing to 
understand customer queries and provide accurate responses, offering a seamless and efficient customer experience. 
These examples showcase the diverse ways in which AI integration is reshaping the financial and accounting sectors across 
different countries. From credit risk assessment to claims processing and customer service, AI applications are varied and 
impactful, offering improved efficiency, accuracy, and customer satisfaction. 

Our results and supporting evidence from these examples demonstrate that AI integration significantly enhances financial 
reporting accuracy, exemplified by AI's role in rapid data processing and predictive analytics. As real-world parallels indi-
cate, this finding is particularly relevant in Ukraine, where AI can support economic recovery post-crisis. AI's interaction 
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with external factors amplifies its impact, aligning with global trends where AI-driven financial institutions leverage external 
conditions for maximum advantage. Importantly, AI has the potential to mitigate the adverse effects of crises on reporting 
accuracy, reminiscent of global experiences during the COVID-19 pandemic. Building trust and confidence is pivotal in AI 
adoption, paralleling instances where AI-driven technologies enhance trust in the financial sector. These insights have 
implications for stakeholders in Ukraine, global financial institutions, the academic community, and policymakers, empha-
sizing the transformative potential of responsible AI integration in the financial sector, both regionally and internationally. 

CONCLUSIONS 

This study has delved into the pivotal realm of integrating artificial intelligence (AI) into Ukraine's growing IT sector, where 
its transformative potential is being keenly recognised as AI technologies continue to evolve. The focal point of investigation 
has been the domain of accounting and financial reporting, offering insights into how AI capabilities intersect with the 
intricate landscape of geopolitical complexities. Employing the robust framework of Bayesian modelling, the research has 
accurately scrutinised AI efficacy in elevating the precision of financial reporting, even in the face of disruptive crises. The 
empirical findings of this study have yielded illuminating revelations, underscoring the unequivocal positive influence of AI 
on the accuracy of financial reporting and its integral role in crisis mitigation. The profound implications of AI intervention 
are underscored by the research's nuanced exploration of its role in decision-making within the Ukrainian context. Through 
the innovative lens of a 2x2x2 factorial design, the study has unfurled intricate relationships between distinct AI attributes 
and decision-making variables, illuminating the multifaceted impact of AI on this critical aspect. 

As Ukraine's journey through the crisis unfolds, the insights derived from this study illuminate a path forward—one defined 
by precision, resilience, and informed decision-making. In embracing this trajectory, Ukraine and the global community 
embark on a shared expedition—one that harnesses the power of AI to transform financial landscapes, bolster economies, 
and create a future marked by unwavering accuracy and confidence. The deployment of AI technologies in Ukraine's 
financial reporting ecosystem has showcased remarkable capabilities. Automation of data entry, processing, and reconcil-
iation has the potential to streamline mundane tasks, liberating professionals to focus on strategic analyses and decision-
making. The ability of AI-powered algorithms to detect anomalies and predict trends contributes to enhanced accuracy 
and proactive risk management. 

The recent geopolitical tensions have cast a spotlight on AI's resilience-enhancing role. By integrating AI models into 
financial reporting practices, Ukraine can better weather the uncertainties posed by crises. The Bayesian framework utilised 
in this study demonstrates that AI can provide accurate financial reporting even in the face of challenging circumstances. 
As Ukraine navigates complex economic and political terrains, the strategic incorporation of AI can mitigate the adverse 
impact of crises on financial reporting integrity and instil investor confidence. Trust and confidence are pivotal in the 
adoption of AI. Our study shows that participants reported higher levels of trust in AI when it demonstrated high perfor-
mance. This observation correlates with real-world instances where financial institutions and tech companies have invested 
in AI capabilities to gain customer trust. For instance, AI-driven chatbots in the banking sector have been instrumental in 
delivering seamless customer experiences and enhancing trust. For policymakers, the integration of AI into financial re-
porting systems stands as a strategic imperative, offering a means to enhance economic stability and investor confidence 
in the aftermath of crises. As Ukraine navigates the complexities of recovery, the adoption of AI-driven financial reporting 
can serve as a pillar of resilience. 

Policy Implications for Ukraine 

Our research has direct implications for various stakeholders in Ukraine. For businesses, especially startups, the integration 
of AI into financial processes can be a strategic move to ensure financial stability and credibility. Investors can consider AI 
adoption as a key factor when evaluating the financial health of companies, particularly during turbulent times. Policymak-
ers in Ukraine may need to develop a conducive regulatory framework to encourage the responsible adoption of AI in 
financial reporting. This includes ensuring data privacy, security, and ethical AI practices. Our findings extend beyond 
Ukraine and resonate with global financial institutions. AI's ability to enhance financial reporting accuracy and decision-
making during crises is not limited to one region. Institutions worldwide can take inspiration from these results when 
developing strategies for navigating economic downturns, regulatory changes, or unforeseen crises. 

This research contributes to the growing body of knowledge on AI and financial reporting accuracy. Academics can further 
investigate the nuances of AI integration in different industries and regions. It also underscores the importance of consid-
ering external factors, process complexity, and the ethical purpose of AI systems in empirical studies. Collaborations 
between academia, industry, and government can foster the development of AI-focused education and training programs. 
This can help bridge the skill gap and equip professionals with the expertise needed to harness AI potential. The study 
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also emphasizes the importance of developing AI governance frameworks that ensure ethical use and transparency in 
financial reporting processes. This will not only enhance public trust but also align Ukraine's AI practices with global 
standards. Moreover, implementing tax incentives or subsidies for businesses that integrate AI technologies into financial 
reporting practices can stimulate AI adoption across sectors and promote Ukraine's competitiveness. By embracing AI, 
Ukraine can propel its financial landscape forward while ensuring it remains agile when navigating challenges. Through 
proactive policy measures, Ukraine can chart a course towards a future where AI serves as a cornerstone of robust financial 
reporting practices. 
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Онешко С., Назаренко О., Коваль О., Яремко І., Писарчук О. 

БУХГАЛТЕРСЬКИЙ ОБЛІК ТА ФІНАНСОВА ЗВІТНІСТЬ В ІТ-СФЕРІ УКРАЇНИ: МОЖЛИВОСТІ 
ШТУЧНОГО ІНТЕЛЕКТУ 
У роботі досліджено інтеграцію штучного інтелекту (ШІ) в ІТ-сектор України, який швидко змінюється, з урахуван-
ням трансформаційних можливостей, властивих розвиткові технологій ШІ. Дослідження спрямоване передусім на 
сферу обліку та фінансової звітності, обґрунтовується вплив ШІ на точність оцінювання й розрахунків, особливо в 
контексті складної внутрішньої та міжнародної геополітичної ситуації. 

Використовуючи техніки байєсівського моделювання, автори оцінюють ефективність ШІ в підвищенні точності фі-
нансової звітності, у тому числі з огляду на кризові умови. Емпіричні результати переконливо підтверджують над-
звичайно позитивний вплив ШІ, демонструючи його здатність підвищувати точність розрахунків та ефективно по-
м'якшувати руйнівні наслідки криз. 

Крім того, розглянуто наслідки впливу ШІ на процеси ухвалення рішень. За допомогою детально розробленого 
факторного експерименту 2x2x2 розкрито складні взаємозв'язки між різними атрибутами ШІ та змінними ухвалення 
рішень, спеціально розробленими для унікального українського контексту. За допомогою аналізу трьохфакторного 
повтореного виміру ANOVA виявлено, що продуктивність, ціль та процес ШІ складно впливають на психологічні 
показники учасників, такі як підтримка, упевненість, ставлення та довіра до рекомендацій ШІ. Підсилюючи роль ШІ 
в підвищенні впевненості в ухваленні рішень та збільшенні точності звітності, автори підкреслюють його потенціал 
критичного інструмента для пом'якшення наслідків кризи. З огляду на швидкість обробки даних, надання передба-
чуваних висновків та сприяння виявленню помилок, ШІ є незамінним активом для забезпечення точності даних в 
умовах підвищеної нестабільності та криз. Український ІТ-сектор швидко зростає, і ШІ є важливим союзником, який 
підтримує фінансову стабільність та секторальне відновлення. Одержані результати мають глибокий зв'язок із ши-
роким спектром зацікавлених сторін, підкреслюючи реальні переваги, які ШІ додає до сфери обліку та фінансової 
звітності в ІТ-секторі України. 

Ключові слова: штучний інтелект, фінансова звітність, облік, Україна, ухвалення рішень, байєсівський аналіз, 
підвищення точності, пом'якшення кризи 
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